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This metalnnovation can help electric bus fleet operators to optimally plan their charging
infrastructure by minimizing charger installation costs, as well as buses' daily charging costs, and _. National Technical

deadhead and queue waiting times. It considers real-world buses with charger specifications, energy University of Athens
pricing schemes, and bus charging scheduling under continuous charging regimes. It also accounts for s
inter-station travel time and energy consumption uncertainties for a more resilient charging network. =
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